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Abstract:

Aims: This study aims to investigate adaptive driving behaviors in response to road complexity in Lebanon,
emphasizing how multifaceted factors influence these adaptations.

Background: Lebanon faces major road safety challenges due to its deteriorating infrastructure and diverse socio-
economic conditions. Addressing these issues, the research examines the interaction between infrastructure, vehicle
conditions, and road user adaptation, with the objective of informing more effective safety strategies.

Objective: This study aims to explore adaptive driving behaviors among Lebanese drivers across different
environmental complexities and the influence of demographic and socio-economic factors on these behaviors.

Methods: Through a comprehensive survey among a representative sample, drivers were segmented into three
clusters using the K-Prototypes algorithm to assess self-reported driving speeds, the impact of road elements on
behavior, and the role of various factors on driving patterns.

Results: The Clustering analysis identified three distinct groups, each exhibiting unique adaptive driving behaviors:
Cluster 1 consists of mature, conservative drivers; Cluster 2 includes predominantly young, cautious female drivers;
and Cluster 3 comprises younger male drivers with riskier behaviors. These findings illustrate significant behavioral
variations and highlight the influence of demographic profiles on driving behavior.

Conclusion: The research underscores the necessity of a nuanced road safety strategy that acknowledges the
diverse adaptive behaviors of Lebanese drivers. It recommends specific policy adjustments, such as differentiated
speed limits and targeted educational programs, to cater to the distinct needs of each driver cluster. Further
research is suggested to continuously refine and customize road safety measures, accommodating the complex
driving environment in Lebanon.

Keywords: Road safety, Driver behavior, Adaptive driving practices, Lebanon's driving culture, Objective road
complexity, Clustering analysis.
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1. INTRODUCTION challenges and developments, shaped by decades of
political and social turbulence. Recurrent crises, from the
civil war to the recent economic crisis, have left deep
Road safety in Lebanon embodies a complex array of imprints on the infrastructure and driving behavior,

1.1. Context and Background
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resulting in an almost episodic management of road safety
[1]. Alarming statistics illustrate this irregular situation.
According to a 2021 estimate by the WHO, Lebanon
experienced approximately 544 annual fatalities on its
roads, a heavy toll for a population of less than 5.6 million
[2-4]. Given these challenges, the complexity of the traffic
safety environment in Lebanon appears to be multifaceted.
It encompasses not only deteriorating infrastructure and
lax enforcement of traffic laws but also poor driver
awareness and training [5-7]. The situation is further
aggravated by the rapid increase in the number of
vehicles, which exceeds the capacity of existing
infrastructure.

This complexity is exacerbated by a challenging
financial situation, negatively influencing investment in
road maintenance, and limiting the implementation of
effective accident prevention strategies [8]. Considering
the complexity outlined, it is imperative to explore how
various factors affect Lebanese drivers' behavior and
adaptability to a changing road environment, emphasizing
the necessity for in-depth studies to decipher these driver-
specific adaptation mechanisms. This is crucial for guiding
strategic interventions aimed at enhancing road safety in
Lebanon, taking into account local cultural and behavioral
nuances.

1.2. Understanding the Dynamics of Driver Behavior

Three key components must be identified in order to
understand driver behavior according to the theory of
planned behavior [9, 10] including attitude toward
behavior, subjective norm, and perceived behavioral
control. This theory proposes that an individual's
behavioral intention, the immediate determinant of
behavior, is influenced by these three factors. For
instance, each driver may develop a planned driving
behavior, strongly influenced by his or her personality and
personal characteristics, particularly under stable and
predictable traffic conditions [11]. The theory underlines
the importance of planning and intentionality in driving
decisions, which is crucial for understanding and
categorizing driver behavior [12]. However, taking
cognitive and attentional capacities into account, as
Wickens' model emphasizes [13], is essential to perfecting
our understanding of driver behavior beyond intentions
and planning alone. Enriching this perspective, Wickens'
model explains the impact of perception, memory, and
information processing capacity on real-time behavior,
underlining the need for active information management
in a constantly changing road environment [14]. Crucially,
each individual has a threshold of cognitive capacity below
which he or she can maintain safe behavior and manage
environmental constraints. The relevance of this notion
intensifies with the growing complexity of the road
environment, where exceeding the threshold of cognitive
ability increases the risk of accidents [15]. This situation
highlights the importance of understanding and adapting
these capacities. Complementing the models previously
discussed, Wilde's risk homeostasis theory [16] provides
an additional perspective on driving. This approach
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suggests that drivers actively regulate risk to a level they
consider appropriate rather than seeking to systematically
reduce it [17]. In this dynamic, they adapt their behavior
in response to various road conditions to maintain a risk
balance aligned with their comfort zone [18]. This theory
is particularly enlightening in complex or unforeseen
situations that make intensive demands on cognitive and
attentional resources, sometimes exceeding the driver's
capabilities. It also emphasizes how drivers can modify
their plans and remain flexible when faced with
unforeseen circumstances, emphasizing how they respond
and reassess their choices [19]. These theories provide an
understanding of the complex dynamics of driving
behavior by combining cognitive capacity, real-time
adaptation, and planning in constantly changing road
environments.

1.3. The Complexity of Road Driving Environment

The impact of the environmental context on driver
behavior is undeniable. Different road environments have
different levels of complexity, which places different
demands on drivers' capacity and affects how they
perceive and interact with the road. Understanding this
complexity is crucial to comprehending how it shapes
driving behavior, underlining the importance of the
interaction between the driver and the road environment.
Fastenmeier [20] conducted a groundbreaking study in
this area that highlighted two essential dimensions—
information processing and vehicle handling—that
influence the complexity of the road environment. These
needs change depending on the environment. In his study,
he shows that dense urban environments are
characterized by a double requirement: a high level of
information processing and sophisticated vehicle handling.
These environments are characterized by a multitude of
road signs, busy intersections, a variety of road users, and
an abundance of visual and auditory stimuli. This density
of stimuli demands drivers' sustained attention and the
ability to assimilate a variety of information quickly.
Simultaneously, handling the vehicle in these situations
necessitates frequent and accurate maneuvers, like
sudden stops, sharp turns, and speed adjustments. These
requirements, both in terms of information processing and
vehicle handling, make urban areas particularly complex
driving environments. Freeway driving, on the other hand,
is considered an example of a simple environment that
encourages smoother driving and less active driver
intervention. Further research highlights various factors
contributing to the complexity of the road environment,
such as road user diversity, traffic density, urbanization,
and infrastructure design. The diversity of road users adds
a significant amount of unpredictability, increasing the
complexity of navigation and requiring drivers to be extra
vigilant and able to anticipate unexpected behavior.
Researchers such as Boelhouwer et al. [21] and Pikaar et
al. [22] highlight how this diversity increases perceived
complexity, illustrating the importance of constant
adaptation and flexibility in managing road complexity.
Furthermore, traffic density has been shown to directly
increase drivers' cognitive burden in studies by Brookhuis
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et al. [23] and De Waard [24]. Driving in dense traffic
conditions requires greater cognitive effort, which can
increase the risk of errors and, consequently, collisions.
The experience of Radlmayr et al. [25] demonstrates that
driving quality is negatively impacted by traffic density,
especially on freeways. The influence of urbanization on
users' perception and management of driving is also
crucial. In comparison to rural areas, where driving is
perceived as less demanding in terms of information
processing, densely populated urban environments are
considered more complex due to the increased mental load
they impose. Complex urban surroundings, with their
multitude of visual objects, including buildings, billboards,
and other infrastructure, can divert drivers' attention and
make driving more challenging, as demonstrated by
Horberry et al. [26]. Finally, the design of road
infrastructure, according to Pikaar et al. [22], is a
determining factor in the complexity of the road
environment. The difference between a clearly delineated
one-way road and a two-way road with no physical
separation is notable, with the latter imposing greater
complexity and mental load. Physical separation between
lanes can significantly reduce this complexity and increase
safety. In response to these complexities, drivers adopt a
variety of strategies to maintain safe driving, such as
increasing concentration and adjusting speed. Road
managers, for their part, can intervene by improving
signage and designing infrastructures that reduce
conflicting interactions between different road users. The
Lebanese context underlines the importance of these
actions in light of the country's poor infrastructure and

diversity of driving behaviors. Recognizing and effectively
addressing this complexity is crucial to improving road
safety, illustrating the multidimensional impact of the road
environment on driving performance [27].

1.4. The Proposed Model

This research aims to understand how complexity
affects individuals' behavioral adaptation. According to
various previous studies [28-30], complexity is
conceptualized as a multidimensional notion. It is
characterized by the uncertainty generated by the
interaction and combination of multiple elements or
components related to an activity, such as driving. This
complexity manifests itself in a diversity of connections,
simultaneous interactions, or causal relationships between
entities and individuals, as well as between different
behaviors, making their final effects unpredictable and
difficult to interpret. Fig. (1) illustrates our proposed
theoretical model, highlighting two key dimensions of
complexity including, (A) Environmental Complexity
(Objective): This dimension refers to the physical and
tangible characteristics of the environment, including but
not limited to environmental hazards and infrastructure. It
encapsulates the external aspects of the environment
likely to influence an individual's behavior. (B) Individual
Complexity (Subjective Perception): This dimension
reflects the way in which an individual interprets the
characteristics of environmental complexity. It raises the
question of how different people's subjective perceptions
vary when they are exposed to similar environmental
elements, such as road configuration. This perceptual
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Fig. (1). Proposed theoretical model of behavioral response to complexity.
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heterogeneity highlights the crucial role of each
individual's driving abilities and attentional, cognitive,
technical, and physiological resources in interpreting
environmental complexity, underlining the existence of
salient dimensions from one individual to another. The
model relies on a “comparator” mechanism, which
analyzes and synthesizes information from the two
complexity dimensions to generate an adaptive behavior to
the initial situation. This process leads to a reevaluation
and modification of the perception of environmental
complexity, thus facilitating behavioral adaptation. This
dynamic feedback loop enables continuous updating and
transformation of the individual's perception of objective
complexity.
The model can be represented by the equation below:

A Behaviorg, = f;(A Objective Complexityyc) (D

where AOC represents any variation in objective
complexity, generating a corresponding change in
individual behavior AB;, via an individual transformation
function f. This process shows how different people can
interpret the same element of objective complexity in
different ways, leading to a diversity of adaptive
behaviors. The f; function reflects the comparator's role in
adjusting each individual's perceived level of complexity.

To put our model into practice, we developed a
detailed survey, including a variety of images of road
configurations in Lebanon, representing different levels of
objective environmental complexity. The dimension of
individual complexity is addressed through questions on
self-reported speed behavior and socio-cultural aspects in
order to assess drivers' subjective perceptions. This
approach seeks to quantify their behavioral adaptation.

2. MATERIALS AND METHODS

2.1. Demographics

Our study sample consists of 461 students and staff
members of the Saint Joseph University of Beirut (US]),
with a distribution of 235 females (51%) and 226 males
(49%), all holders of a Lebanese driving license. Ages
varied from 18 to 80, with an average of 33.4 and a
median of 30, while the most frequent age was 18,
indicating a high presence of youth. Of the participants,
59% are single. Financially, 46% are experiencing
difficulties, 44.7% have moderate financial security, and
9.3% enjoy good financial security. Geographically, 61.4%
of participants are from Mount-Lebanon and 26% from
Beirut, with a Christian majority of 63.3%, probably
reflecting the University's religious composition.

2.2, Survey Design

In line with the objectives set forth in the study, the
survey was designed to analyze the complex interplay
between road configuration, driving behavior, and
demographic and socio-cultural factors. It was structured
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into three main sections, each designed to examine
different aspects of driving behavior.
2.2.1. Section 1 - Exploring Road Complexity and
Self-reported Driving Behavior

The primary purpose of this section was to examine
the correlation between road complexity and self-reported
driving speeds. To this end, ten images representing
various Lebanese roads were previously selected and
analyzed according to the criteria established in previous
studies [31-35]. These images were then presented to
experts to validate a complexity scale ranging from 1
(least complex) to 5 (most complex). Following this
process, five images, each illustrating a distinct level of
complexity and having reached a consensus among the
experts, were selected for the survey. It should be noted
that participants were not informed of the objectively
determined levels of complexity. They were simply asked
to observe the images and estimate the speed (in km/h) at
which they would consider driving in the scenarios
depicted. The images were presented to the participants
as follows:

2.2.1.1. Image A - Level 4 Complexity

This image illustrates the challenge of navigating a
bustling urban intersection without road signs, reflecting
the complexity of movement among vehicles and
pedestrians.

2.2.1.2. Image B - Level 5 Complexity

This image illustrates the disorder and demands of
rural road navigation, where a complex scene featuring
children on the road, parked vehicles, buildings close to
the roadside, an absence of sidewalks, and a lack of
signage requires heightened attention and skill.

2.2.1.3. Image C - Level 1 Complexity

This image illustrates the tranquility of an open, two-
lane highway with minimal distractions, offering a
straightforward driving experience.

2.2.1.4. Image D - Level 3 Complexity

This image depicts the moderate challenges of
navigating residential roads in an urban environment
characterized by a divided road, unmarked lanes, and
pedestrians.

2.2.1.5. Image E - Level 2 Complexity

This image presents a mountain road located outside
built-up areas. Despite its simplicity and lack of markings
or sidewalks, it still requires caution due to warning signs
and the presence of natural surroundings.

This resulted in the creation of five numerical variables
(A-S, B-S, C-S, D-S, E-S) for Self-Reported Driving Speed,
each corresponding to one of the five images. Table 1 will
display these images along with their respective degrees
of complexity.
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Table 1. Images included in the section 1 of the survey.

Scenario

Level of Complexity

Image A

Level 4 - Quite Complex

Image B

Level 5 - Highly Complex

Image C

Level 1 - Very Simple
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Scenario

Level of Complexity

Level 3 - Moderate Complexity

Image D

Level 2 - Moderately Simple

Image E

2.2.2. Section 2 - Effect of Single Elements on
Driving Behavior

This section aims to analyze the effect of specific road
elements on variations in driving behavior and to
comprehend how individuals perceive these variations.
Four sets of driving situations were utilized, each
containing two images that differed in complexity due to a
single element. Participants were not informed about
which image in each set was more complex. Instead, they
were shown the images and asked to estimate the speed
(in km/h) at which they would consider driving in the
scenarios depicted. The sets were presented as follows:

o Set I8 - Comparison between low and high traffic
density.

0 Set I9 - Contrast between a straight road and the
one with a sharp bend.

o Set I10 - Comparison of high and low levels of
urbanization.

o Set I11 - Contrast between roads with and without a

dividing median.

This resulted in the creation of eight numerical
variables, representing two distinct Self-Reported Driving
Speeds for each of the four batches (I8-A-S, 18-B-S; 19-A-S,
19-B-S; 110-A-S, 110-B-S; I111-A-S, 111-B-S). Table 2 displays
these sets along with the respective complexity of each
image within the set.

2.2.3. Section 3 - Influence of Multifaceted
Influences on Driving Patterns

This section aims to assess the effect of multifaceted
influences, including demographics, driving experience,
vehicle characteristics, and psychological factors, on
driving behavior and to understand how these influences
shape driving patterns.

Several categories were utilized, each containing
variables that offer insights into different aspects of the
driver's background and behavior. Participants were
evaluated through specific questions related to these
categories, providing both categorical and numerical data
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to form a comprehensive picture of the influences on
driving behavior. Some composite variables were
introduced in order to enhance the analytical framework
of this study. Table 3 displays a comprehensive list of all
these variables.

By utilizing the insights from all three sections, the
research seeks to investigate discrepancies in a driver's
behavior across different levels of overall road complexity,
variations in response to specific road elements, and the

broader influences shaping driving patterns.

2.3. Clustering Analysis Approach

The process of clustering is a pivotal step in data
analysis, particularly in the realm of unsupervised
learning. It involves the partitioning of a dataset into
subsets, so that data points in the same subset are more
similar to each other than to those in other subsets. The
objective is to segregate groups with similar traits and
assign them into clusters.

Table 2. Image sets are included in section 2 of the survey.

Set I8

Image I8-A Simple

Image 18-B Complex

Set 19

Image I19-A Simple

Image 19-B Complex

Set 110

Image 110-A Complex

Image 110-B Simple




8 The Open Transportation Journal, 2024, Vol. 18

(Table 2) contd.....

Kobeissy et al.

Set I11

Image 111-A Simple

Image I111-B Complex

Table 3. Driver profile variables.

Sex

Female

Male

Age-Marital Profile

Youth Single (18-21)

Young Adult Single (22-30)

Young to Mid-Aged Married (22-43)

Mid-Aged to Mature Single (31-80)

Mature Married (44-80)

Widowed/Divorced/Others (18-80)

Demographic and Economic

Household Financial Status*1

Living in Other Arrangements (Financial Difficulty)

Living in Other Arrangements (Moderate Finances)

Living with Parents (Financial Difficulty)

Living with Parents (Moderate Finances)

Solid Financial Status

Qualification & Occupation

Employee (Bachelor's or Less)

Employee (Graduate Degree)

Student

Self-employed

Religion by Region

Christian (Mount Lebanon)

Muslim

Christian (Beirut/Bekaa/North/South)

Other Religion

Driving & Accident Profile*2

High frequency High distance (No Accidents)

High frequency High distance (With Accidents)

High frequency Low distance (No Accidents)

High frequency Low distance (With Accidents)

Low frequency Low distance

Driving Experience and Vehicle
Characteristics

Vehicle Profile*3

Compact Cars (2009 & Earlier)

Family/Performance Cars

Other's Compact Cars (2010 & Newer)

Owned Compact Cars (2010 & Newer)
SUVs & Crossovers (2009 & Earlier)
SUVs & Crossovers (2010 & Newer)

Utility vehicles

Psychological

Sensation Seeking Score*4

S.S Score /30

Note: *1 This composite variable brings household composition and financial status into a single analytical framework. The term 'Living in Other
Arrangements' refers to individuals who do not live with their parents. This could include living alone, living with a spouse and/or child, or living with other

people.

*2 This composite integrates Driving Frequency & Annual Distance Driven with Material Accident history in the last three years.

*3 This composite brings vehicle type, vehicle production year category, and vehicle ownership into a single analytical framework. 'Other's Compact Cars
(2010 & Newer)' and 'Owned Compact Cars (2010 & Newer)' distinguish between drivers of compact cars manufactured in 2010 or later based on ownership.
*4 Utilizing Zuckerman's scale [36, 37], this score measures the individual's tendency to seek novel and intense experiences and is scored out of 30.
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2.3.1. Determination of Optimal Cluster Number

The identification of an optimal number of clusters,
denoted as k, is a pivotal aspect of clustering analysis,
serving as the foundation upon which the interpretability
of the results is built. In this section, we delve into the
methodologies employed to ascertain the most suitable
number of clusters for our dataset. Specifically, two robust
techniques are utilized including the Elbow Method and
the Tau Validation Method. The Elbow Method is a widely
used graphical technique for determining the optimal
number of clusters (k) [36]. It relies on the calculation of
the within-cluster sum of squares (WSS), mathematically
represented as follows [37]:

wss =k 3 |l — ¢ @

where, n; corresponds to the number of data points in
1
cluster; ¢; is the centroid of the j* cluster; and ||xl] - Cj||2
represents the squared Euclidean distance between a data
point xi] and the centroid ¢; of its cluster. This measures
the dispersion of the points within each cluster. Applying
the Elbow Method to our dataset, we calculated the
Within-cluster Sum of Squares (WSS) for varying numbers
of clusters. The analysis showed that the optimal number
of clusters is k = 3, as demonstrated by the point where
further increases in k led to minimal reduction in WSS.
This indicates that the three clusters optimally balance
within-cluster =~ variance  minimization and data
segmentation, guiding our decision to segment our dataset
into three distinct clusters.

the j* cluster; x; represents the i" data point in the j"

The Tau validation method employs the Tau index, a
mathematical metric, to determine the optimal number of
clusters in a dataset [38]. This index evaluates the
compactness and separation of clusters based on intra-
cluster and intercluster distances. The Tau index is
mathematically defined as follows [39]:

s(+)-s(-)
J(Nt(Nt—1) t)(Nt(Nt—n) 3)

2 2

where s(+) and s(-) denote concordant and discordant
comparisons, respectively, with concordant reflecting
pairs of points within or between clusters and discordant
showing mismatches. N, is the total number of distances,

and t is the number of comparisons of two pairs when both
pairs are either within cluster or in different clusters. The
optimal cluster count, k, maximizes the Tau index,
indicating the most effective data partition into distinct,
compact clusters. When applied to our dataset, the tau
validation method revealed that three clusters (k=3)
optimally balance compactness and separation, making it
the preferred clustering solution. Determining the optimal
cluster number, k=3, balances model complexity and
interpretability, avoiding underfitting or overfitting. This
choice, validated by both the elbow and tau methods,

ensures a model that captures the data's underlying
structure efficiently, making k=3 the optimal choice for
this study.

2.3.2. K-Prototypes Clustering

Clustering methods are essential for dividing data into
meaningful groups. The choice of the method depends on
the data's nature and the analysis's goals. K-Prototype
clustering, as introduced by [40], stands out for datasets
that include both numerical and categorical variables,
offering a versatile solution for mixed data types. It
combines the strengths of K-Means for numerical data and
K-Modes for categorical data into a single algorithm. K-
Prototype distinguishes itself by utilizing the Gower
distance metric to measure the dissimilarities between
mixed data points effectively. This distance is represented
by the following equation [41]:

1 m
d(x,y) = EZ Wy 6y (Xp, Yp)Sp (Xp, Yp) (C))

p=1
where d(x, y) represents the Gower distance between
points x and vy, quantifying dissimilarity across m
variables; w, is the p” variable's weight, often 1 for equal
treatment but adjustable for variable importance; 6,(x,, y,)
is 1 unless x, or y, is missing; s,(x,, y,) scales dissimilarity,
using absolute difference for numerical and 0 or 1 for
categorical variables. The summation of all variables,

normalized by 1/m, calculates the mean dissimilarity.

3. RESULTS

3.1. Visualizing Clusters Partitioned Through Factor
Analysis

The dataset under study consists of 461 observations,
each described by 21 variables including 14 numerical and
7 categorical. The clustering algorithm employed has
effectively partitioned these observations into three
distinct clusters: Cluster 1 contains 197 data points,
Cluster 2 is composed of 118, and Cluster 3 has 146. This
section aims to investigate these clusters further, starting
with a visual representation through Factor Analysis of
Mixed Data (FAMD) [42, 43], a technique well-suited for
our high-dimensional, mixed dataset. FAMD computes
principal components for numerical variables and
principal coordinates for categorical ones, synthesizing
them into a reduced-dimensional space that captures
significant data variance. Fig. (2) presents the FAMD plot,
focusing on Dimension 1 (Dim1) and Dimension 2 (Dim2),
which summarize the original variables into new
informative variables. Dim1 explains 16.9% of the data's
total variance, and Dim2 adds another 7.1%, together
highlighting key patterns and relationships. The plot
shows the clusters vertically aligned: Cluster 1 appears on
the right in blue, Cluster 2 in the middle in yellow, and
Cluster 3 on the left in orange, demonstrating the
clustering algorithm's effectiveness in partitioning the
data and ensuring clear separation for analysis.
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Fig. (2). FAMD visualization of cluster distribution.

3.2. Comparing Clusters: Speed and Sensation in
Relative Perspective

Employing the Z-score standardization method, we
normalized the median values of numerical variables,
including self-reported speed across all scenarios and
sensation-seeking scores, to a common scale. This
normalization facilitated equitable comparisons and
enhanced the interpretability of clustering outcomes. Fig.
(3) provides a visual representation of these scaled median
values for each variable within Clusters 1, 2, and 3,
illustrating the distinct driving behaviors and sensation-
seeking tendencies across the clusters. Cluster 1's scaled
median values are predominantly below the zero line,
indicating a tendency towards more cautious driving
behaviors relative to the overall sample mean. This pattern
suggests that drivers in Cluster 1 adopt a moderate

Kobeissy et al.

Groups
o
° ° 3 2

hd [ ]

approach, positioning them as relatively cautious without
veering into extreme conservatism. Cluster 2 is visually
distinct, with its scaled median values significantly lower
than those of the other clusters and deeply entrenched in
the negative zone. This depiction underscores their highly
cautious driving approach, identifying them as the most
conservative group within the study. The pronounced
deviation of their values highlights a marked preference
for safety and a lower propensity for risk. Conversely,
Cluster 3 is characterized by positively scaled median
values across most variables, setting them apart as more
inclined towards higher speeds and a greater tendency for
sensation seeking. This positioning above the baseline
signifies a bolder approach to driving, with a preference
for speed and an elevated level of risk-taking compared to
their counterparts.
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Fig. (3). Graphical representation of scaled and centered median values across clusters.

3.3. Assessing Driver Adaptation to Road Complexity
and Compliance with Speed Limits

This study employs the official speed limit as an
objective benchmark for evaluating adaptive driving
behaviors. By comparing self-reported speeds to the
official speed limits across different levels of complexity,
this study aims to discern patterns of adaptation, such as
whether drivers maintain speeds within safe bounds or
exceed them. This analysis seeks to determine not only
how drivers adjust their speeds in response to complexity

but also whether these adjustments align with the
expectations set by the official speed limit, thus offering
insights into their risk management strategies. Through
this lens, this study explores the nuanced behaviors within
each cluster, focusing on the dual aspects of adaptation to
complexity and compliance with speed regulation. The
speed limits for each are derived from Lebanon's official
standards, grounding our analysis in a relevant context
[44].
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3.3.1. Cluster 1's Behavior: Conservative and
Strategic Speed Adaptation

In Cluster 1, drivers demonstrate a conservative
approach to speed across various levels of road
complexity, as illustrated in Fig. (4). This cautious
behavior is evident through their speed choices in
scenarios ranging from to most complex. When
encountering the simplest scenario (Image C), the median
speed remains at a cautious 90 km/h, well below the 100
km/h limit, indicating a measured response to the
environment. With a slight increase in complexity (Image
E), the median speed aligns perfectly with the 70 km/h
speed limit, showcasing a direct adaptation to the
perceived challenges. As complexity further escalates
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(Image D), drivers adjust their speeds to precisely meet
the 50 km/h limit, demonstrating a careful approach to
navigating denser urban settings. In scenarios of higher
complexity (Image A), the median speed significantly
drops below the 50 km/h limit, signaling a uniform and
cautious strategy to ensure safety in challenging
conditions. When faced with the utmost complexity (Image
B), although speeds slightly increase from the previous
level, the median remains below the limit, demonstrating
continued prudence. Overall, Cluster 1's driving behaviors
reflect a nuanced adaptation to environmental complexity,
maintaining speeds that are either aligned with or below
speed limits to prioritize safety. This consistent adaptation
across varying complexities underscore a collective
commitment to cautious driving and risk management.
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Fig. (4). Speed distribution of cluster 1 drivers by road complexity.
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3.3.2. Cluster 2's Behavior: Prudent and Safety-
Oriented Speed Adaptation

Cluster 2 drivers exhibit an exceptionally cautious
approach, consistently maintaining speeds well below the
official limits in diverse road conditions, as depicted in
Fig. (5). This pattern underscores a strong commitment to
safety, which is evident in their adaptation to each
scenario. In the least complex scenario (Image C), these
drivers set a median speed of 70 km/h against a 100 km/h
limit, showcasing caution even in straightforward
conditions. Facing slight complexity increases (Image E),
they adjust their median speed to 50 km/h, substantially
below the 70 km/h limit, reflecting a thoughtful
consideration of potential road hazards and a clear
preference for safety over speed. With rising complexity
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(Image D), the median speed is further reduced to 40
km/h, below the 50 km/h limit, indicating careful
navigation through urban settings. In scenarios of greater
complexity (Image A), they maintain a median speed of 30
km/h, significantly under the 50 km/h limit, a signaling
strategy of heightened caution. Even in the most complex
situation (Image B), the median speed is maintained at 30
km/h, reflecting a uniform approach to risk management
despite the escalating complexity. Overall, Cluster 2
drivers stand out for their prudent speeds and adaptive
response to environmental challenges, emphasizing safety
over speed across all levels of complexity. Their approach,
significantly more conservative than Cluster 1, prioritizes
effective risk management, showcasing commendable
prudence and a well-adjusted response to varying road
complexities.
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Fig. (5). Speed distribution of cluster 2 drivers by road complexity.
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3.3.3. Cluster 3's Behavior:
Insufficient Speed Adaptation

Cluster 3 drivers tend risk-taking, frequently
surpassing speed limits in various road conditions, as
shown in Fig. (6). In the least complex scenario (Image C),
they precisely meet the 100 km/h speed limit, showing a
willingness to utilize the maximum permitted speed. As
road complexity increases (Image E), the median speeds
slightly reduce to 80 km/h but remain above the 70 km/h
limit, continuing a trend of risk-taking. This pattern of
exceeding speed limits persists in more complex urban
areas (Image D), with a median speed of 60 km/h,
surpassing the 50 km/h limit and highlighting an
indifference for safer driving practices. In more
challenging conditions (Image A), while the median speed

Risk-Taking and
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drops to 40 km/h, it still remains below but close to the 50
km/h limit, suggesting a minor adjustment towards caution
yet not fully aligning with safety expectations.
Surprisingly, in the most complex scenario (Image B), the
median speed increases to 60 km/h, surpassing the speeds
in Image A and breaching the 50 km/h limit, presenting a
counterintuitive response to increased complexity. Overall,
Cluster 3 drivers often engage in dangerous driving,
especially when road conditions are less complex. While
there is evidence of speed adjustment in response to
complexity, the adaptations are often insufficient, failing
to conform to safety standards expected in more
challenging environments. This indicates a group of
drivers who, despite recognizing greater complexity, do
not consistently adjust their speeds to ensure safety.

Image C Image E Image D Image A Image B
Simple > Complex
1 2 4 5

Driving Speed

3
Degree of Complexity

Legend === Official Speed Limit

Fig. (6). Speed distribution of cluster 3 drivers by road complexity.
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Fig. (7). Speed distributions by cluster for varied road characteristics.

3.4. An Analysis of Specific Driving Environment
Characteristics

This section focuses on how specific road
characteristics influence self-reported driving speeds. To

visualize these dynamics, Fig. (7) presents boxplots
illustrating the distribution of speeds for each cluster
within various road scenarios. Cluster 1 drivers exhibit
nuanced responses to road conditions. While traffic
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density has a minimal effect, suggesting a balanced
approach to speed in both low and high-density situations,
the presence of a sharp bend markedly reduces their
speeds, underlining a cautious approach toward potential
hazards. In contrast, less urbanized environments prompt
an increase in speed, indicating a preference for faster
driving away from urban congestion. Furthermore, the
absence of a dividing median correlates with a reduction
in speed, underscoring safety concerns on more open
roads. Cluster 2 reveals a pattern of consistent caution,
with drivers reducing their speeds across all scenarios,
especially in high traffic and near sharp bends. However,
like Cluster 1, drivers in Cluster 2 also prefer faster
speeds in less urbanized areas, reflecting a preference for
faster travel when away from dense urban areas.
However, the influence of a dividing median on speed is
less pronounced, indicating that the presence or absence
of a median does not significantly alter driving speeds for
this group. Cluster 3 drivers show a marginal impact of
traffic density on speeds, with participants tending
towards faster speeds regardless of traffic density,
suggesting a propensity for higher speeds. The presence
of a sharp bend leads to a significant reduction in speed,
akin to Clusters 1 and 2, highlighting the universal caution
in such scenarios. Like the other clusters, there's an
increase in speed in less urbanized areas. The presence of
a dividing median does not uniformly result in speed
reduction or increase, indicating a complex response to
road separation features in this cluster.

3.5. Intra-Cluster Perspectives: Exploring Drivers'
Profiles and Practices

The cluster-based analysis reveals distinct patterns in
demographics, driving experience, and vehicle attributes
across the three clusters, each presenting a unique blend
of characteristics. Cluster 1 exhibits a balanced gender
distribution, skewing slightly towards females, with a
significant representation of married individuals,
particularly in the mature age bracket. This cluster is
characterized by a preference for modern compact cars
and a cautious driving and accident profile, indicative of a
demographic that values safety and practicality. Cluster 2
is marked by a predominance of younger, single females
living with parents, highlighting financial challenges with
a notable representation in the youngest age bracket. This
cluster's driving behavior leans towards local, low-
distance navigation, with a preference for older compact
cars and SUVs, reflecting the financial constraints and the
lifestyle of its predominantly younger demographic.
Cluster 3 distinguishes itself with a male majority and a
young, single demographic, showcasing a balance in
household composition and financial stability. The driving
and accident profile suggests a riskier approach, with a
preference for diverse modern and family/performance
cars. This cluster represents a demographic that is
financially stable yet exhibits a propensity for higher-risk
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driving and accident profiles. Fig. (8) represents the
distribution of categorical variables across -clusters,
showcasing detailed percentages for a nuanced view of
demographics, driving experience, and vehicle attributes.
4. DISCUSSION

The present study investigated adaptive driving
behaviors within a representative sample of the Lebanese
population faced with diverse road complexities. This
inquiry segmented participants into three distinct clusters,
offering a comprehensive examination of their responses
to environmental challenges.

4.1. Cluster Dynamics and Driving Adaptations

To explore the nuanced adaptations of different driver
groups, this section delves into the behavioral patterns
that distinguish Cluster 1 and Cluster 2 in their approach
to road complexities while also addressing the unique
challenges faced by Cluster 3.

4.1.1. Divergent Adaptation Strategies in Cluster 1
and Cluster 2

Cluster 1 and Cluster 2 demonstrated adaptive
behaviors, yet with notable differences in their levels of
caution. Specifically, Cluster 1 effectively adjusted their
driving to varying road conditions, showcasing a balanced
approach that reflects a dynamic risk assessment,
modifying speeds to match the escalating demands of road
complexity. In contrast, Cluster 2, characterized by their
heightened caution, consistently maintained lower speeds
in all scenarios, reflecting a more conservative driving
strategy that extends beyond mere compliance with speed
limits, manifesting a deep-seated aversion to any
perceived risks. This conservative nature of Cluster 2 can
be seen as a preventive strategy, possibly driven by less
confidence or experience among these drivers compared
to the more seasoned and diverse demographic of Cluster
1. Additionally, Cluster 1's ability to vary speed
adjustments indicates a higher level of situational
awareness and flexibility, which contrasts with Cluster 2's
uniform speed reduction, which suggests a lower
tolerance for uncertainty and change, potentially
impacting their efficiency in dynamic traffic situations.
This distinction highlights how Cluster 2’s consistent
under-speeding may reflect a strategy influenced by a
preference for maximum safety margins, differing from
Cluster 1's approach, which aims to balance caution with
efficiency.

4.1.2. Cluster 3's Unique Challenges

Cluster 3 diverged from this pattern, exhibiting less
adaptability and a propensity for risk-taking by frequently
exceeding speed limits and showing inadequate response
to increased road complexity. These variations suggest
that a complex interplay of demographic, socio-economic,
and cultural factors significantly influences adaptive
driving behaviors across clusters [45-47].
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Fig. (8). Detailed distribution of drivers' profiles and practices within clusters.

4.1.3. Socio-Demographic
Behaviors

Impact on Driving

In-depth analysis of Cluster 1 revealed a demographic
profile marked by a balanced gender distribution and a
tendency towards more mature age groups, which
correlated with conservative driving practices across
different levels of road complexity. This observation aligns
with existing literature highlighting the pivotal roles of
age and driving experience in influencing cautious driving
behaviors and a reduced inclination towards risk-taking
[48-51]. Such evidence reinforces the significance of
demographic factors in molding driving habits, affirming
the necessity of incorporating these insights into road
safety strategies. Previous research has reported that
socio-economic status and household financial conditions
significantly impact driving behavior, with financial
constraints potentially leading to more cautious driving
due to the higher costs associated with risk-taking [52,
53]. This heightened caution in Cluster 2 can be attributed

to its demographic composition of younger, predominantly
female drivers living under financial constraints with
parents, suggesting that their conservative approach is
driven by less driving experience and a higher sensitivity
to potential risks. This study's findings align with this
perspective, particularly in the case of Cluster 2. This
reinforces the necessity to consider socio-economic
backgrounds in road safety interventions and policy
formulation. Cluster 3's analysis disclosed a tendency
towards riskier driving behaviors among younger male
drivers, a group characterized by financial stability and a
diverse religious composition. This trend mirrors findings
from prior studies identifying young males as more
susceptible to engaging in risky driving, influenced by
sensation-seeking and overconfidence [54-56]. The unique
socio-cultural fabric of Lebanon, with its religious and
regional diversity, introduces additional layers to the
complexity of driving behaviors, highlighting the urgent
need for culturally tailored road safety measures.
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4.2. Implications for Road Safety Policies

To reflect on the diverse driving behaviors across
clusters, this study delves into their implications for
Lebanon's speed limit policies, particularly in urban
settings marked by complex interactions. Currently, the
uniform enforcement of a 50 km/h speed limit, as
illustrated by Images A, B, and D, does not adequately
reflect the environmental complexity [57]. Clusters 1 and
2, exhibiting cautious behavior in complex urban and
pedestrian-dense areas, suggest that reducing speed limits
to 30 km/h would align better with their driving patterns
and enhance safety. This strategic adjustment would meet
the specific needs of these drivers but also support
broader Safe System recommendations, thereby improving
road safety in densely populated settings [58, 59, 60].
Conversely, Cluster 3's behavior, characterized by a
propensity to exceed speed limits, underscores a critical
safety concern [61]. Introducing variable speed limits and
robust enforcement measures, such as speed cameras in
less complex environments where this behavior is
prevalent, could enhance compliance and reduce high-
speed driving risks. Considering the reduction of speed
limits to 30 km/h in scenarios A and B would serve as a
test to potentially expose the inadequacy of current speed
adjustments made by drivers in this cluster. This
observation suggests a disjunction between the perceived
and actual complexity of the driving environment,
highlighting the need for a reevaluation of speed limit
policies to better reflect the realities of road safety and
complexity [62].

A recalibration of speed limits, particularly in urban
zones characterized by high pedestrian activity and
intricate driving conditions, is advised. Proposed
adjustments should derive from an in-depth analysis of
road complexity to foster cautious driving [63, 64], serving
as a robust deterrent against the risk-prone behaviors of
drivers in Cluster 3. Additionally, for Cluster 2,
implementing policy-driven educational initiatives that
boost confidence and knowledge about safe speed ranges
will address the overly cautious behaviors that can also
pose risks. For Cluster 3, developing targeted public
awareness campaigns focusing on the dangers of speeding
and aggressive driving, especially tailored to young male
drivers, will use strategic media and communication
methods to effectively engage this demographic.
Furthermore, the observed discrepancies in speed choices
for Images A and B across all clusters reveal a critical
insight: drivers perceive Image A as more complex than
Image B, contrary to expert assessments made during the
survey's design. This discrepancy underscores a
fundamental principle of our theoretical model—that the
individual interpretation of objective complexity varies
significantly [65]. Essentially, the process through which
drivers and experts evaluate complexity diverges,
suggesting that the criteria or elements considered by
each group are not aligned. Drivers may overlook certain
aspects deemed critical by experts or vice versa, leading
to different perceptions of the same environmental
features. To further improve road safety, it is essential to
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formulate policies that mandate regular analysis of
accident data and speed compliance rates by area to
inform road design adjustments. Such improvements
should include upgrading road signage, enhancing road
surface markings, and redesigning intersections to reduce
complexity. These measures aim to simplify navigation and
enhance the intuitive use of roadways, ensuring safer
environments for all drivers. This variance in
interpretation raises important questions about road
design and safety measures, emphasizing the need to
consider how subjective perceptions of complexity
influence driver behavior. It highlights the necessity for a
more inclusive approach in assessing road complexity
[66-68], one that integrates both expert analysis and
drivers' lived experiences to develop road safety strategies
that are truly reflective of all road users' perspectives.

4.3. Limitations and Future Directions

Some limitations need to be considered. First, the
sample's demographic profile, with an overrepresentation
of university graduates and Christians from specific
regions, may limit the generalizability of the findings
across Lebanon's diverse population. This could skew the
understanding of driving behaviors and adaptation
strategies, necessitating a broader sampling in future
research to capture a wider spectrum of driver
experiences [69]. Second, the study's reliance on self-
reported data introduces potential biases. Participants’
responses could be influenced by social desirability or
inaccurate recall, affecting the validity of the findings [70].
Future studies might benefit from employing observational
techniques or simulation experiments to reduce these
biases and enhance data reliability [71]. Additionally, the
focus on Lebanese roads may not fully translate to other
contexts due to differences in road infrastructure, traffic
laws, and cultural attitudes towards driving, highlighting
the need for comparative international research [72].
Lastly, the methodology does not account for the dynamic
nature of driving, where immediate road conditions and
personal judgment influence decisions to adhere to or
deviate from speed limits. This static approach may not
accurately reflect the complexities of real-world driving
behavior, suggesting an area for further exploration in
understanding the nuanced dynamics of driver adaptation
and compliance [73].

CONCLUSION

The present study investigated adaptive driving
behaviors among Lebanese drivers in response to varying
road complexities, revealing significant differences across
the three clusters. One of the most significant findings is
the varied adaptability across these clusters, with Clusters
1 and 2 displaying adaptive behaviors in cautious and
conservative driving, respectively, while Cluster 3 tended
towards risk-taking by frequently exceeding speed limits.
This underscores the impact of diverse demographic,
socio-economic, and cultural influences on driving
adaptation. Given these insights, there is a critical need
for road safety policies that specifically cater to the
distinct characteristics of each driver cluster.
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Furthermore, this research opens the door to examining
other forms of adaptation beyond speed adjustment, such
as the use of mobile phones while driving, which suggests
diverse adaptation strategies among drivers. This calls for
a disaggregated analysis to uncover various strategies
offering insights into driver responses to road complexity.
In conclusion, while adjusting speed is a common form of
adaptation, this study highlights the importance of
considering a broader spectrum of adaptive behaviors and
the factors influencing them. Therefore, future research
should aim to dissect these mechanisms further, offering
targeted recommendations for enhancing road safety, not
only in Lebanon but also in similar challenging driving
environments globally.

AUTHORS' CONTRIBUTIONS

It is hereby acknowledged that all authors have
accepted responsibility for the manuscript's content and
consented to itssubmission. They have meticulously
reviewed all results and unanimously approved the final
version of the manuscript.

ABBREVIATION
FAMD = Factor Analysis of Mixed Data
ETHICS APPROVAL AND CONSENT TO

PARTICIPATE

Ethical approval for this study was granted by the
Ethics Committee at the Saint Joseph University of Beirut
(US]), Beirut, Lebanon, under approval number
USJ-2020-112.

HUMAN AND ANIMAL RIGHTS

The study protocol adhered to the ethical principles
outlined in the Helsinki Declaration.

CONSENT FOR PUBLICATION

Consent was obtained from all participants before they
participated in the study.

STANDARDS OF REPORTING
STROBE guidelines were followed.

AVAILABILITY OF DATA AND MATERIALS

The data supporting the findings of the article is
available in the Zenodo Repository at: https://zenodo.org/
records/11311916?token=eyJhbGciOiJIUzUxMi]9.ey]pZCI
61jYOMzg1ZjYyLWUOMmUtNDg5NS04MzVmLTM4ZGM3
NTQ2YTI3MCIsImRhdGEiOnt9LCJyYW5kb20iOilyNTNjMT
MyMTYON;Z1ZmUzZmYwODEwMmUwY2ZjNGRmN;iJ9. fi
mENdENf4M6cc6C8KdsPqCiRhZ4394p4 Yin7r73g7W4Xs
bQtF-EFIpsFhITxf3suG03eajDRO_C3NRCgbcw, DOI 10.52
81/zenodo.11311916.

FUNDING

The authors would like to acknowledge the National
Council for Scientific Research of Lebanon (CNRS-L) and
Saint Joseph University of Beirut (US]) for granting a
doctoral fellowship to Farah Kobeissy.

19

CONFLICT OF INTEREST

The authors declare no conflict of interest, financial or
otherwise.

ACKNOWLEDGEMENTS
Declared none.

REFERENCES

[1] F. Kobeissy, and L. Carnis, "The excuse is worse than the fault:
It’s time now to improve road safety in Lebanon", Case Stud.
Transp. Policy, vol. 9, no. 2, pp. 500-510, 2021.

[2] Global status report on road safety 2023., World Health
Organization, 2023.

[3] Z. Abounoas, W. Raphael, Y. Badr, R. Faddoul, and A. Guillaume,
"Crash data reporting systems in fourteen Arab countries:
Challenges and improvement", In: Arch. Transp., vol. 56. 2020,
no. 4, pp. 73-88.

[4] J. Ghoubaira, M. Diab, H. Nassereldine, H. Tamim, S. Saadeh, R.
Price, M. Moustafa, and S. Al-Hajj, "Road traffic injury in
Lebanon: A prospective study to assess injury characteristics and
risk factors", In: Health Sci Rep., vol. 4. 2021, no. 4, p. e396.

[5] A. El Zein, and S. Masson, "Automobile dependence in Lebanon:
Between a “let alone” policy for all automobiles, the
precariousness of artisanal transport and the inertia of transport
governance", Mediterranean: = Geographical = review  of
Mediterranean countries., 2022.

[6] D. Youssef, P. Salameh, L. Abou-Abbas, and L-R. Salmi, Examining
self-reported aberrant behavior among Lebanese drivers using the
Driver Behavior Questionnaire (DBQ)., vol. 3. Discover Social
Science and Health, 2023.

[71 S. Al-Hajj, M. El Hechi, M. Chahrour, S.H. Farran, and H.
Kaafarani, "Factors affecting road safety compliance in a low-and
middle-income country: An observational study from Lebanon", In:
PLOS global public health, vol. 2. 2022, no. 3, p. e0000154.

[8] R. Salame, Behind the numbers: How Lebanon's crisis is felt on
the road., 2022.L'Orient Toda, 2022.

[9] I. Ajzen, "The theory of planned behavior", Organ. Behav. Hum.
Decis. Process., vol. 50, no. 2, pp. 179-211, 1991.
[http://dx.doi.org/10.1016/0749-5978(91)90020-T]

[10] M. Conner, and C.J. Armitage, "Extending the theory of planned
behavior: A review and avenues for further research", J. Appl. Soc.
Psychol., vol. 28, no. 15, pp. 1429-1464, 1998.
[http://dx.doi.org/10.1111/j.1559-1816.1998.tb01685.x]

[11] S. Bamberg, I. Ajzen, and P. Schmidt, "Choice of travel mode in
the theory of planned behavior: The roles of past behavior, habit,
and reasoned action", Basic Appl. Soc. Psych., vol. 25, no. 3, pp.
175-187, 2003.
[http://dx.doi.org/10.1207/S15324834BASP2503 01]

[12] H.W. Warner, and L. Aberg, "Drivers’ decision to speed: A study
inspired by the theory of planned behavior", Transp. Res., Part F
Traffic Psychol. Behav., vol. 9, no. 6, pp. 427-433, 2006.
[http://dx.doi.org/10.1016/j.trf.2006.03.004]

[13] C.D. Wickens, Engineering psychology and human performance.,
Harper-Collins: New York, 1992.

[14] C.D. Wickens, and W. J. Horrey, "Models of attention, distraction,
and highway hazard avoidance", In: Driver distraction, Theory,
effects and mitigation, 2008, pp. 57-69.
[http://dx.doi.org/10.1201/9781420007497.ch5]

[15] C. Wickens, "Attention: Theory, principles, models and
applications", Int. J. Hum. Comput. Interact., vol. 37, no. 5, pp.
403-417, 2021.
[http://dx.doi.org/10.1080/10447318.2021.1874741]

[16] G.J.S. Wilde, "Risk homeostasis theory: An overview", Inj. Prev.,
vol. 4, no. 2, pp. 89-91, 1998.

[http://dx.doi.org/10.1136/ip.4.2.89] [PMID: 9666358]

[17] G.J.S. Wilde, "Risk homeostasis theory and traffic accidents:

Propositions, deductions and discussion of dissension in recent


http://dx.doi.org/10.1016/0749-5978(91)90020-T
http://dx.doi.org/10.1111/j.1559-1816.1998.tb01685.x
http://dx.doi.org/10.1207/S15324834BASP2503_01
http://dx.doi.org/10.1016/j.trf.2006.03.004
http://dx.doi.org/10.1201/9781420007497.ch5
http://dx.doi.org/10.1080/10447318.2021.1874741
http://dx.doi.org/10.1136/ip.4.2.89
http://www.ncbi.nlm.nih.gov/pubmed/9666358

20 The Open Transportation Journal, 2024, Vol. 18

[18]

[19]

[20]

[21]

[22]

[23]

[24]

[25]

[26]

[27]

[28]

[29]

[30]

[31]

[32]

[33]

reactions", Ergonomics, vol. 31, no. 4, pp. 441-468, 1988.
[http://dx.doi.org/10.1080/00140138808966691]

G.J.S. Wilde, "Accident countermeasures and behavioural
compensation: The position of risk homeostasis theory", J. Occup.
Accid., vol. 10, no. 4, pp. 267-292, 1989.
[http://dx.doi.org/10.1016/0376-6349(89)90021-7]

G.J.S. Wilde, "For and against: Does risk homoeostasis theory
have implications for road safety * For * Against", BM], vol. 324,
no. 7346, pp. 1149-1152, 2002.
[http://dx.doi.org/10.1136/bm;j.324.7346.1149] [PMID: 12003891]
W. Fastenmeier, "The road traffic situation as analysis unit in the
road traffic system", In: Drivers and traffic situations - New ways
to assess the safety and reliability of modern road traffic systems.,
PUBLISHING TUEV RHEINLAND GMBH, 1995, pp. 27-78.

A. Boelhouwer, A.P.d. Beukel, M.C. Voort, and M.H. Martens,
"Determining infrastructure-and traffic factors that increase the
perceived complexity of driving situation", International
Conference on Applied Human Factors and Ergonomics Springer,
Cham, 01 July 2020, Vol. 1212, pp. 3-10.
[http://dx.doi.org/10.1007/978-3-030-50943-9 1]

E. Pikaar, W. Verschuur, M. Christoph, W. Verschuur, and ]J.
Groeneweg, Finding alternative ways to measure mental workload
while driving., Leiden Univ.: Leiden, The Netherlands, 2015.

K.A. Brookhuis, G. de Vries, and D. de Waard, "The effects of
mobile telephoning on driving performance", Accid. Anal. Prev.,
vol. 23, no. 4, pp. 309-316, 1991.
[http://dx.doi.org/10.1016/0001-4575(91)90008-S]
1883470]

D. De Waard, "Driving behaviour on a high-accident-rate
motorway in the Netherlands", Man in complex systems,
Proceedings of the Europe Chapter of the Human Factors Society
Annual Meeting. Work Science Bulletin, Sweden, 1991.

J. Radlmayr, C. Gold, L. Lorenz, M. Farid, and K. Bengler, "How
traffic situations and non-driving related tasks affect the take-over
quality in highly automated driving", Proceedings of the human
factors and ergonomics society annual meeting Los Angeles,
October 17, 201. vol. 58(1), pp. 2063-2067.
[http://dx.doi.org/10.1177/1541931214581434]

T. Horberry, J. Anderson, M.A. Regan, T.J. Triggs, and J. Brown,
"Driver distraction: The effects of concurrent in-vehicle tasks,
road environment complexity and age on driving performance",
Accid. Anal. Prev., vol. 38, no. 1, pp. 185-191, 2006.
[http://dx.doi.org/10.1016/j.aap.2005.09.007] [PMID: 16226211]
E. Choueiri, G. Choueiri, and B. Choueiri, "An overview of road
safety in Lebanon with particular attention to non-urban roads",
Adv. Transp. Stud. , vol. 11, pp. 75-91, 2007.

D.J. Snowden, and M.E. Boone, "A leader’s framework for decision
making. A leader’s framework for decision making", Harv. Bus.
Rev., vol. 85, no. 11, pp. 68-76, 149, 2007.

[PMID: 18159787]

T. Aven, Y. Ben-Haim, H. Boje Andersen, T. Cox, E. L. Droguett,
M. Greenberg, and S. Guikema, "Society for risk analysis
glossary", Available from:
https://www.sra.org/wp-content/uploads/2020/04/SRA-Glossary-FI
NAL.pdf

J.M. Ottino, "Complex systems", AIChE J., vol. 49, no. 2, pp.
292-299, 2003.

[http://dx.doi.org/10.1002/aic.690490202]

0. Oviedo-Trespalacios, M.M. Haque, M. King, and S. Washington,
"Effects of road infrastructure and traffic complexity in speed
adaptation behaviour of distracted drivers", Accid. Anal. Prev.,
vol. 101, pp. 67-77, 2017.
[http://dx.doi.org/10.1016/j.aap.2017.01.018] [PMID: 28189943]
K. Young, M.A. Regan, and ].D. Lee, "Factors moderating the
impact of distraction on driving performance and safety", In:
Driver Distraction: Theory, Effects, and Mitigation., CRC press,
2008, pp. 353-370.

H. Benda, Scaling the dangerousness of road traffic situations.
Part I: A classification system for traffic situations from the
driver's perspective., Federal Highway Research Institute:

[PMID:

=
2

[47]

[52]

Kobeissy et al.

Munich, 1977.

F.A. Shaw, A.T. Greenwood, J. Bae, G.M. Corso, M.O. Rodgers,
and M.P. Hunter, "Effects of roadway factors and demographic
characteristics on drivers’ perceived complexity of simulated
roadway videos", Transp. Lett., vol. 11, no. 10, pp. 589-598, 2019.
[http://dx.doi.org/10.1080/19427867.2018.1492220]

B. Marsh, B. Lautner, L. Fournier, J. Klang, P. Anelli, W-E. Kang,
U. Brumec, and K. Cota, The Role of Road Engineering in
Combatting Driver Distraction and Fatigue Road Safety Risks.,
PIARC, 2017.

T.M. Kodinariya, and P.R. Makwana, "Review on determining
number of Cluster in K-Means Clustering", Int. J., vol. 1, pp.
90-95, 2013.

M. Anthony Wong, "Asymptotic properties of bivariate k-means
clusters", Commun. Stat. Theory Methods, vol. 11, no. 10, pp.
1155-1171, 1982.

[http://dx.doi.org/10.1080/03610928208828301]

R. Aschenbruck, and G. Szepannek, "Cluster validation for mixed-
type data", In: Archives of Data Science., vol. 6. Series A, 2020.

B. Desgraupes, Clustering indices, University of Paris Ouest-Lab
Modal’X, 2013.

Z. Huang, "Extensions to the k-means algorithm for clustering
large data sets with categorical values", Data Min. Knowl. Discov.,
vol. 2, no. 3, pp. 283-304, 1998.
[http://dx.doi.org/10.1023/A:1009769707641]

J.C. Gower, "A general coefficient of similarity and some of its
properties", Biometrics, vol. 27, no. 4, pp. 857-871, 1971.
[http://dx.doi.org/10.2307/2528823]

A. Kassambara, FAMD-Factor Analysis of Mixed Data in R:
Essentials, STHDA: Statistical Tools for High-Throughput Data
Analysis., 2017.

M. Chavent, V. Kuentz-Simonet, A. Labenne, and ]J. Saracco,
"Multivariate analysis of mixed data: The PCAmixdata R package",
arXiv preprint., 2015.

Lebanon Road Safety Country Profile, 2023. Available from:
https://www.roadsafetyfacility.org/country/lebanon

0. Oviedo-Trespalacios, M.M. Haque, M. King, and S. Washington,
"Self-regulation of driving speed among distracted drivers: An
application of driver behavioral adaptation theory", Traffic Inj.
Prev., vol. 18, no. 6, pp. 599-605, 2017.
[http://dx.doi.org/10.1080/15389588.2017.1278628]
280950261

L. Tinella, A.O. Caffo, A. Lopez, I. Grattagliano, and A. Bosco, "The
impact of two MMPI-2-based models of personality in predicting
driving behavior. can demographic variables be disregarded?",
Brain Sci., vol. 11, no. 3, p. 313, 2021.
[http://dx.doi.org/10.3390/brainscil 1030313]

M. Mohamed, and N.F. Bromfield, "Attitudes, driving behavior,
and accident involvement among young male drivers in Saudi
Arabia", Transp. Res., Part F Traffic Psychol. Behav., vol. 47, pp.
59-71, 2017.

[http://dx.doi.org/10.1016/j.trf.2017.04.009]

S. Regev, J.J. Rolison, and S. Moutari, "Crash risk by driver age,
gender, and time of day using a new exposure methodology", J.
Safety Res., vol. 66, pp. 131-140, 2018.
[http://dx.doi.org/10.1016/j.jsr.2018.07.002] [PMID: 30121099]
B.A. Jonah, "Accident risk and risk-taking behaviour among young
drivers", Accid. Anal. Prev., vol. 18, no. 4, pp. 255-271, 1986.
[http://dx.doi.org/10.1016/0001-4575(86)90041-2] [PMID:
3741578]

J.A. Groeger, and I.D. Brown, "Assessing one’s own and others’
driving ability: Influences of sex, age, and experience", Accid.
Anal. Prev., vol. 21, no. 2, pp. 155-168, 1989.
[http://dx.doi.org/10.1016/0001-4575(89)90083-3]
2713036]

T. Ram, and K. Chand, "Effect of drivers’ risk perception and
perception of driving tasks on road safety attitude", Transp. Res.,
Part F Traffic Psychol. Behav., vol. 42, pp. 162-176, 2016.
[http://dx.doi.org/10.1016/j.trf.2016.07.012]

J.L. Machado-Leén, J. de Ofia, R. de Ofia, L. Eboli, and G.

[PMID:

[PMID:


http://dx.doi.org/10.1080/00140138808966691
http://dx.doi.org/10.1016/0376-6349(89)90021-7
http://dx.doi.org/10.1136/bmj.324.7346.1149
http://www.ncbi.nlm.nih.gov/pubmed/12003891
http://dx.doi.org/10.1007/978-3-030-50943-9_1
http://dx.doi.org/10.1016/0001-4575(91)90008-S
http://www.ncbi.nlm.nih.gov/pubmed/1883470
http://dx.doi.org/10.1177/1541931214581434
http://dx.doi.org/10.1016/j.aap.2005.09.007
http://www.ncbi.nlm.nih.gov/pubmed/16226211
http://www.ncbi.nlm.nih.gov/pubmed/18159787
https://www.sra.org/wp-content/uploads/2020/04/SRA-Glossary-FINAL.pdf
https://www.sra.org/wp-content/uploads/2020/04/SRA-Glossary-FINAL.pdf
http://dx.doi.org/10.1002/aic.690490202
http://dx.doi.org/10.1016/j.aap.2017.01.018
http://www.ncbi.nlm.nih.gov/pubmed/28189943
http://dx.doi.org/10.1080/19427867.2018.1492220
http://dx.doi.org/10.1080/03610928208828301
http://dx.doi.org/10.1023/A:1009769707641
http://dx.doi.org/10.2307/2528823
https://www.roadsafetyfacility.org/country/lebanon
http://dx.doi.org/10.1080/15389588.2017.1278628
http://www.ncbi.nlm.nih.gov/pubmed/28095026
http://dx.doi.org/10.3390/brainsci11030313
http://dx.doi.org/10.1016/j.trf.2017.04.009
http://dx.doi.org/10.1016/j.jsr.2018.07.002
http://www.ncbi.nlm.nih.gov/pubmed/30121099
http://dx.doi.org/10.1016/0001-4575(86)90041-2
http://www.ncbi.nlm.nih.gov/pubmed/3741578
http://dx.doi.org/10.1016/0001-4575(89)90083-3
http://www.ncbi.nlm.nih.gov/pubmed/2713036
http://dx.doi.org/10.1016/j.trf.2016.07.012

Clustering Analysis of Lebanese Adaptive Driving

[53]

[54]

[55]

[56]

[57]

[58]
[59]

[60]

[61]

[62]

[63]

Mazzulla, "Socio-economic and driving experience factors
affecting drivers’ perceptions of traffic crash risk", Transp. Res.,
Part F Traffic Psychol. Behav., vol. 37, pp. 41-51, 2016.
[http://dx.doi.org/10.1016/j.trf.2015.11.010]

C. Atombo, C. Wu, E.O. Tettehfio, and A.A. Agbo, "Personality,
socioeconomic status, attitude, intention and risky driving
behavior", Cogent Psychol., vol. 4, no. 1, p. 1376424, 2017.
[http://dx.doi.org/10.1080/23311908.2017.1376424]

V. Nell, "Why young men drive dangerously: Implications for
injury prevention", Curr. Dir. Psychol. Sci., vol. 11, no. 2, pp.
75-79, 2002.

[http://dx.doi.org/10.1111/1467-8721.00172]

R. Ho, and R. Y. Gee, "Young men driving dangerously:
Development of the motives for dangerous driving scale (MDDS)",
Aust. J. Psychol., vol. 60, pp. 91-100, 2008.
[http://dx.doi.org/10.1080/00049530701452095]

D.A. Hennessy, and D.L. Wiesenthal, "Aggression, violence, and
vengeance among male and female drivers", Transp. Q., vol. 56,
pp. 65-75, 2002.

L. Aarts, and I. van Schagen, "Driving speed and the risk of road
crashes: A review", Accid. Anal. Prev., vol. 38, no. 2, pp. 215-224,
2006.

[http://dx.doi.org/10.1016/j.aap.2005.07.004] [PMID: 16256932]
ITF, Speed and Crash Risk., ITF/OECD, 2018, pp. 1-82.

C. Tingvall, and N. Haworth, "Vision Zero-An ethical approach to
safety and mobility", 6th ITE international conference road safety
& traffic enforcement: Beyond 2000 Melbourne, 6-7 September
1999.

R. Elvik, and T-O. Neevestad, "Does empirical evidence support
the effectiveness of the safe system approach to road safety
management?", Accid Anal Prev., vol. 191, p. 107227, 2023.

J.J. Fleiter, A. Lennon, and B. Watson, "How do other people
influence your driving speed? Exploring the ‘who’ and the how’ of
social influences on speeding from a qualitative perspective",
Transp. Res., Part F Traffic Psychol. Behav., vol. 13, no. 1, pp.
49-62, 2010.

[http://dx.doi.org/10.1016/j.trf.2009.10.002]

R.A. Retting, S.A. Ferguson, and A.T. McCartt, "A review of
evidence-based traffic engineering measures designed to reduce
pedestrian-motor vehicle crashes", Am. J. Public Health, vol. 93,
no. 9, pp. 1456-1463, 2003.
[http://dx.doi.org/10.2105/AJPH.93.9.1456] [PMID: 12948963]

R. Elvik, "Speed limits, enforcement, and health consequences",
Annu. Rev. Public Health, vol. 33, no. 1, pp. 225-238, 2012.
[http://dx.doi.org/10.1146/annurev-publhealth-031811-124634]

[68]

21

[PMID: 22224882]

R. Foss, and A. Goodwin, "Enhancing the effectiveness of
graduated driver licensing legislation", J. Safety Res., vol. 34, no.
1, pp. 79-84, 2003.
[http://dx.doi.org/10.1016/S0022-4375(02)00083-X]
12535909]

F. Sagberg, and T. Bjernskau, "Hazard perception and driving
experience among novice drivers", Accid. Anal. Prev., vol. 38, no.
2, pp. 407-414, 2006.
[http://dx.doi.org/10.1016/j.aap.2005.10.014] [PMID: 16313881]
Y. Oktopianto, R. Rukman, and R.P. Marwanto, "Improving traffic
safety through a community participation approach", Jurnal
Pengabdian Kepada Masyarakat Semangat Nyata Untuk
Mengabdi (JKPM Senyum), vol. 3, no. 2, pp. 125-130, 2023. [JKPM
Senyum].

[http://dx.doi.org/10.52920/jkpmsenyum.v3i2.216]

M. Mikusova, and P. Hrkut, "Public perception of selected road
safety problems", Procedia Soc. Behav. Sci., vol. 162, pp. 330-339,
2014.

[http://dx.doi.org/10.1016/j.sbspro.2014.12.214]

P. Allen, and G.W. Mercer, The role of public surveys in
measuring program effectiveness and improving road safety.,
Improving Traffic Safety Culture in the United States:
Washington, DC, 2007, pp. 93-111.

K.W. Phillips, G.B. Northcraft, and M.A. Neale, "Surface-level
diversity and decision-making in groups: When does deep-level

similarity help?", In: Group Process. Intergr. Relat., vol. 9. 2006,
pp. 467-482.

D.L. Paulhus, and S. Vazire, "The self-report method", In:
Handbook of research methods in personality psychology, New
York, Guilford, 2007, pp. 224-239.

O. Shechtman, S. Classen, K. Awadzi, and W. Mann, "Comparison
of driving errors between on-the-road and simulated driving
assessment: A validation study", Traffic Inj. Prev., vol. 10, no. 4,
pp. 379-385, 2009.
[http://dx.doi.org/10.1080/15389580902894989]
19593717]

F. Wegman, F. Zhang, and A. Dijkstra, "How to make more cycling
good for road safety?", Accid. Anal. Prev. , vol. 44, pp. 19-29,
2012.

[http://dx.doi.org/10.1016/j.aap.2010.11.010]

M.H. Martens, and M.R.J. Fox, "Do familiarity and expectations
change perception? Drivers’ glances and response to changes",
Transp. Res., Part F Traffic Psychol. Behav., vol. 10, no. 6, pp.
476-492, 2007.

[http://dx.doi.org/10.1016/j.trf.2007.05.003]

[PMID:

[PMID:


http://dx.doi.org/10.1016/j.trf.2015.11.010
http://dx.doi.org/10.1080/23311908.2017.1376424
http://dx.doi.org/10.1111/1467-8721.00172
http://dx.doi.org/10.1080/00049530701452095
http://dx.doi.org/10.1016/j.aap.2005.07.004
http://www.ncbi.nlm.nih.gov/pubmed/16256932
http://dx.doi.org/10.1016/j.trf.2009.10.002
http://dx.doi.org/10.2105/AJPH.93.9.1456
http://www.ncbi.nlm.nih.gov/pubmed/12948963
http://dx.doi.org/10.1146/annurev-publhealth-031811-124634
http://www.ncbi.nlm.nih.gov/pubmed/22224882
http://dx.doi.org/10.1016/S0022-4375(02)00083-X
http://www.ncbi.nlm.nih.gov/pubmed/12535909
http://dx.doi.org/10.1016/j.aap.2005.10.014
http://www.ncbi.nlm.nih.gov/pubmed/16313881
http://dx.doi.org/10.52920/jkpmsenyum.v3i2.216
http://dx.doi.org/10.1016/j.sbspro.2014.12.214
http://dx.doi.org/10.1080/15389580902894989
http://www.ncbi.nlm.nih.gov/pubmed/19593717
http://dx.doi.org/10.1016/j.aap.2010.11.010
http://dx.doi.org/10.1016/j.trf.2007.05.003

	[1. INTRODUCTION]
	1. INTRODUCTION
	1.1. Context and Background
	1.2. Understanding the Dynamics of Driver Behavior
	1.3. The Complexity of Road Driving Environment
	1.4. The Proposed Model

	2. MATERIALS AND METHODS
	2.1. Demographics
	2.2. Survey Design
	2.2.1. Section 1 – Exploring Road Complexity and Self-reported Driving Behavior
	2.2.2. Section 2 – Effect of Single Elements on Driving Behavior
	2.2.3. Section 3 – Influence of Multifaceted Influences on Driving Patterns

	2.3. Clustering Analysis Approach
	2.3.1. Determination of Optimal Cluster Number
	2.3.2. K-Prototypes Clustering


	3. RESULTS
	3.1. Visualizing Clusters Partitioned Through Factor Analysis
	3.2. Comparing Clusters: Speed and Sensation in Relative Perspective
	3.3. Assessing Driver Adaptation to Road Complexity and Compliance with Speed Limits
	3.3.1. Cluster 1's Behavior: Conservative and Strategic Speed Adaptation
	3.3.2. Cluster 2's Behavior: Prudent and Safety-Oriented Speed Adaptation
	3.3.3. Cluster 3's Behavior: Risk-Taking and Insufficient Speed Adaptation

	3.4. An Analysis of Specific Driving Environment Characteristics
	3.5. Intra-Cluster Perspectives: Exploring Drivers' Profiles and Practices

	4. DISCUSSION
	4.1. Cluster Dynamics and Driving Adaptations
	4.1.1. Divergent Adaptation Strategies in Cluster 1 and Cluster 2
	4.1.2. Cluster 3's Unique Challenges
	4.1.3. Socio-Demographic Impact on Driving Behaviors

	4.2. Implications for Road Safety Policies
	4.3. Limitations and Future Directions

	CONCLUSION
	AUTHORS' CONTRIBUTIONS
	ABBREVIATION
	ETHICS APPROVAL AND CONSENT TO PARTICIPATE
	HUMAN AND ANIMAL RIGHTS
	CONSENT FOR PUBLICATION
	STANDARDS OF REPORTING
	AVAILABILITY OF DATA AND MATERIALS
	FUNDING
	CONFLICT OF INTEREST
	ACKNOWLEDGEMENTS
	REFERENCES


